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We discuss mean-field theories for self-organized criticality and the connection with the general
theory of branching processes. We point out that the nature of the self-organization is not addressed

properly by the previously proposed mean-field theories.

We introduce a new mean-field model that

explicitly takes the boundary conditions into account; in this way, the local dynamical rules are coupled

to a global equation that drives the control parameter to its critical value.

We study the model

numerically, and analytically we compute the avalanche distributions.

PACS numbers: 64.60.Ht, 05.20.—y, 05.40.4j, 05.70.Ln

Many phenomena of interest to physicists, chemists, ge-
ologists, and biologists display long-range spatiotemporal
correlations. The critical behavior is sometimes appar-
ently “spontaneous,” in contrast to typical second order
phase transitions, where scaling occurs only when a pa-
rameter is tuned close to a critical value. The concept of
self-organized criticality (SOC) [1] was introduced to de-
scribe such systems which spontaneously organize into a
critical scale.

The SOC behavior has been investigated using different
models. Among those the most widely studied, numeri-
cally [1-3] and analytically [4,5], are the sandpile models.
An important feature of such systems is that they respond
to external perturbations by avalanches of all sizes s, with
a power-law distribution D(s) ~ s~7, where 7 is a scal-
ing exponent.

The simplest theoretical approach to SOC is mean-field
theory [6], which allows for a qualitative description of
the behavior of the system. Mean-field exponents for
SOC models have been obtained by various approaches
[6—9], but it turns out that their values (e.g., 7 = 3/2)
are the same for all the models considered thus far.
This fact can easily be understood since the spreading
of an avalanche in mean-field theory can be described
by a front consisting of noninteracting particles that can
either trigger subsequent activity or die out. This kind of
process is well known, and is called a branching process
[10]. The connection between branching processes and
SOC has been investigated, and it has been proposed
that the mean-field behavior of sandpile models can be
described by a critical branching process [11—13].

We begin by noting the following paradox inherent in
the previous mean-field studies: For a branching process
to be critical one must fine-tune a control parameter
to a critical value. This, by definition, cannot be the
case for a SOC system, where the critical state is
approached dynamically without the need to fine-tune
any parameter. In the present Letter, we resolve this
paradox by introducing a new mean-field model, the self-
organized branching process (SOBP). The coupling of
the local dynamical rules to a global condition drives the
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system into a state that is indeed described by a critical
branching process. We study the model numerically and
compare the results of the simulations with analytical
results. We introduce the SOBP model based on physical
considerations, and then show that the mean-field theory
of SOC models can be exactly mapped to the SOBP
model.

Sandpile models are cellular automata defined on a
d-dimensional lattice. An integer variable, which we call
energy, is associated with each site of the lattice. Over
time, energy is added in integer units to a randomly
chosen site in the system. Whenever the energy on a site
reaches a critical value, the site “relaxes” and its energy
is transferred to the neighbors according to the specific
rules of the model. In this way, a single relaxation can
trigger other relaxations, leading to the formation of an
avalanche. With closed boundary conditions, the density
of critical sites in the system will increase as a function
of time such that eventually an avalanche of infinite
lifetime will form. Therefore, in order for the system to
be able to reach a SOC state, it is essential to impose
open boundary conditions such that energy can leave the
system, thus decreasing the number of critical sites. As
a result, regardless of the initial conditions, the system
is driven to a stationary SOC state characterized by a
balance between input and output, i.e., on average the
energy added to the system is equal to the energy that
leaves the system through the boundaries.

In the mean-field description of the sandpile model
(d — ) one neglects correlations, which implies that
avalanches do not form loops and hence spread as a
branching process. In the SOBP model, an avalanche
starts with a single active site, which then relaxes with
probability p, leading to two new active sites. With
probability 1 — p the initial site does not relax and the
avalanche stops. If the avalanche does not stop, we repeat
the procedure for the new active sites until no active sites
remain. The parameter p is the probability that a site
relaxes when it is triggered by an external input. For
the SOBP branching process, there is a critical value,
pe = 1/2, such that for p > p. the probability to have
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an infinite avalanche is nonzero, while for p < p. all
avalanches are finite. Thus, p = p. corresponds to the
critical case, where avalanches are power law distributed.
In the above description, however, the boundary con-
ditions are not taken into account—even though they are
crucial for the self-organization process. We can intro-
duce boundary conditions in the problem in a natural
way, by allowing for no more than »n generations for each
avalanche. Schematically, we can view the evolution of
a single avalanche of size s as taking place on a tree of
size N = 2"*1 — 1 (see Fig. 1). If the avalanche reaches
the boundary of the tree, we count the number of active
sites o, (which in the sandpile language corresponds to
the energy leaving the system), and we expect that p de-
creases for the next avalanche. If, on the other hand, the
avalanche stops before reaching the boundary, then p will
slightly increase. Note that we are not studying the model
on a Bethe lattice, i.e., the branching structure we are dis-
cussing is not directly related to the geometry of the sys-
tem. The number of generations n can, nevertheless, be
thought of as some measure of the linear dimension of the
system.
The scenario discussed above is described by the
following dynamical equation for p(z):
pt +1) = pQ) + ]UT"([)’I). (1)
Here o,, the size of an avalanche reaching the boundary,
fluctuates in time and hence acts as a stochastic driving
force. If o, = 0, then p increases (because some energy
has been put into the system without any output), whereas
if o, > 0 then p decreases (due to energy leaving the
system). Equation (1) describes the global dynamics of
the SOBP, as opposed to the local dynamics which is
given by the branching process. We can study the model
for a fixed value of n, and then take the limit n —
. In this way, we perform the long-time limit before
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FIG. 1. Schematic drawing of an avalanche in a system with
a maximum of n = 3 avalanche generations corresponding
to N =2""1 — 1 = 15 sites. Each black site relaxes with
probability p to two new black sites and with probability 1 — p
to two white sites. The black sites are part of an avalanche
of size s = 7, whereas the active sites at the boundary yield
o3(p,t) = 2. Note that s in the SOBP model must be an odd
integer while o, will be even.
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the “thermodynamic” limit, which corresponds exactly to
what is done in sandpile simulations.

The SOBP model can be exactly mapped to SOC models
in the limit d — oo, i.e., it provides a mean-field theory of
self-organized critical systems. To show this, we consider
for simplicity the two-state sandpile model [14]: When
a particle is added to a site z;, the site will relax if
z; = 1. In the limit d — oo, the avalanche will never
visit the same site more than once. Accordingly, each
site in the avalanche will relax with the same probability
p = P(z = 1). Eventually, the avalanche will stop, and
o = 0 particles will leave the system. Thus, the total
number of particles M(z) evolves according to

M@t +1)=M1+1~-o0. )

The dynamical equation (1) for the SOBP model is recov-
ered by noting that M(t) = NP(z = 1) = Np. For other
SOC systems, mean-field descriptions similar to the SOBP
model can be derived.

Before investigating the SOBP model analytically, we
present some preliminary considerations together with nu-
merical results. For a fixed value of p, the average
value of o, is (o.(p,1)) = 2p)" [10]. We can write
o.(p,t) = 2p)" + n(p,t), where the “noise” 7 de-
scribes the fluctuations around the average. Inserting this
expression in Eq. (1) and taking the continuum time limit,
we obtain

dp _1=0p)"  n(p1)

dt N N
Without the last term, Eq. (3) has a fixed point (dp/dt =
0) for p = p. = 1/2. On linearizing Eq. (3), we see that
the fixed point is attractive, which demonstrates the self-
organization of the SOBP model since the noise n/N
will have a vanishingly small effect in the thermody-
namic limit. To confirm our statement, we have studied
the SOBP model by carrying out simulations for differ-
ent system sizes, and averaging over typically 5 X 10°
realizations.

In Fig. 2 we show the value of p as a function of time.
Independent of the initial conditions, we find that after a
transient p(z) reaches the self-organized state described
by the critical value p. = 1/2 and fluctuates around it
with short-range correlations (of the order of one time
unit). By computing the variance of p(z), we find that
the fluctuations around the critical value decrease with the
system size as 1/N. Moreover, by analyzing the higher
moments, we find that the fluctuations for N > 1 can be
very well described by a Gaussian distribution,

¢(p) = ———,—1 eXp(———(p - pN)z)-
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Here py = p. — a/N, Ay = b/N, with a = 0.69 +

0.02 and b = 0.26 = 0.01. In the limit N — oo, the

distribution ¢(p) therefore approaches a delta function,

3(p — pe)-

3)
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